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ABSTRACT: The paper intends to solve the problem of low calculation accuracycaused bythe difficult acquisition of jamming
signals, the small number of characteristic signal samples and the imbalance of positive and negative samples in traditional clas-
sification fuze anti-jamming algorithm, overcome the dependenceon fuze anti-jamming algorithm on samplesand improve the
accuracy of fuze signal recognition. Through the method of WVD time-frequency transformation, the split real jamming Fuze
Signal slices are reorganized to expand fromaone-dimensional time-series signal to two-dimensional picture information. The

data multiplication strategyis used to improvethe generalization of the algorithm and reduce its dependence on real data samples.
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Through thecombination of GANomaly and EfficientNet, the offline jamming signal feature learning is carried out on the ex-

panded fuze data set, and the online abnormality judgment and jamming signal recognition are carried out on the image data of

the disturbed fuze. The experiment proves that the GE-FS network can effectively augment the data on the basis of the real fuze

small sample signal. After training based on the augmented data, the accuracy of fuze disturbance identification reaches 98.4%.

The GE-FS algorithm can accurately detect and identify the abnormal signals of the fuze, and enhance the anti-jamming ability

and operational adaptability of the fuze system.
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Fig.1 Principle of fuze sample data enhancement method
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