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the adaptability and discrimination ability of the model on target tasks. Compared with traditional methods, this method signifi-

cantly improved the accuracy and practicability of the residual life prediction, which proved that the model had ideal prediction

accuracy and robustness in the case of small-sample scenarios. This method provides an effective solution for predicting the re-

sidual life of high reliability equipment and has important values for practical application.

KEY WORDS: life extension engineering; residual life; transformer; multi-source data fusion; transfer learning; source domain;

target domain
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Tab.2 Comparison of results from different methods
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