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ABSTRACT: The work aims to review the application and development of PHM technology in avionic equipment, explore the
research status of key technologies such as fault detection, fault diagnosis, and fault prediction, analyze the challenges faced by
PHM key technologies in the application of avionic equipment, and provide an outlook on future development directions. By in-
tegrating modern technological means such as sensor technology, data analysis, and artificial intelligence, PHM technology can
achieve real-time monitoring and prediction of the health status of avionic equipment, enabling preventive maintenance and
providing strong support for enhancing aviation safety and reducing maintenance costs.
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Tab.1 Comparison of fault detection methods
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